MEJDS. 2016; 6: 21-27
Published online 2016 Dec 8. Research Article

Clustering of the State Welfare Organization of Iran’s Clients to Identify
the Supported Families by Using Data Mining Techniques

Sajjad Shokohyar,' Roohollah Tavallaee,' Niloofar Raja,> Roonak Modarresi?

1. Assistant Professor, Management and Accounting Faculty, Shahid Beheshti University, Tehran, Iran;

2. MSc student of Information Technology Management, Management and Accounting Faculty, Shahid Beheshti University, Tehran, Iran.

Correspondent Author’s Address: Management and Accounting Faculty, Shahid Beheshti University, Evin Square, Tabnak Street, Chamran Avenue, Tehran, Iran. Tel: +98 (21)
22431842; E-mail: s_shokouhyar@sbu.ac.ir

Received 2016 March 7; Accepted 2016 July 10

Abstract

Background:

In recent years public service has become one of the fastest growing sectors of the world economy and is widely recognized for its contribution
to regional and national economic development. The exacerbation and growth of social problems and the increasing number of welfare clients
has made the traditional techniques inefficient to find the exact and specific information about the needy. Insufficient data about the families
and their needs besides the inappropriate categorization for future plans requires data analysis and implementation. To fulfill this important
need, Clustering technique in data mining can be useful and helpful. So, this study aims to cluster the clients of State Welfare Organization of
Iran so as to identify the supported families for responding the clients' needs in a better way.

Material and Methods:

This paper follows a practical objective with a descriptive-survey method of research. The Standard Model of CRISP-DM is used to
implement data mining. Data mining is the process of discovering the significance of user knowledge such as patterns from large amount of
data stored in databases. Very appeal studies have employed data mining to identify the supported families in State Welfare Organization.
Also, it is completely unique in Iran. In order to group, predict, recognize and satisfy the needs of the supported individuals, social data of
clients of the State Welfare Organization of Iran in Kurdistan province were collected since 1384. Next, a database containing 4155 user’s data
with seven attributes were used. The attributes include cities, number of persons supported by The State Welfare Organization, purpose groups,
gender, place of living (city/village) attribute, educational degree and finally marriage status.

Results:

By using Rapid Minder software and applying random clustering technique, four clusters were achieved and cluster 2 was chosen as the
optimal cluster. Optimal cluster is the biggest cluster containing more clients. The priority is regarded for the residents of Sanandaj city, the
disabled, females, uneducated, the married, and the number of people supported by the State Welfare Organization=1. Furthermore, in order to
obtain the association between attributes, Chi-square test was applied. We find that all of them have pairwise dependency (p<0.05) except
gender and educational degree, the number of persons supported by The State Welfare Organization and place of living (city/village) attribute,
the educational degree and the place of living (city/village) attribute.

Conclusion:

According to the information obtained, The State Welfare Organization should pay more attention to the optimal cluster’s users. In the other
words, it should focus on the clients living in Sanansaj, the disabled, the females, the uneducated, the married couples, the number of persons
supported by the State Welfare Organization=1. Furthermore, after the implementation of clustering method, new State Welfare Organization
of Iran’s clients can join the clusters with their attributes and it can help the State Welfare Organization to analyze their needs. Thus, due to the
existing relationships between attributes, providing facilities based on one attribute can improve welfare based on the other attributes.
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